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Suppressing Eyelash Interference Algorithm Based on
Morphology and Wavelet Analysis
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Abstract: In order to improve the performance of eyelash interference suppressing algorithm in
the iris recognition, a new eyelash suppression algorithm based on the combination between
morphological operators and wavelet transform is proposed. In the proposed algorithm, the
eyelash area of the iris image is firstly simulated into the 'cracks’ of the background image and
the crack area is filled with pixels by morphological dilation operator. Then, the high frequen-
cy wavelet transform coefficients are processed as nonlinear wavelet threshold based on the
multi-resolution characteristic of wavelet transform, and low-frequency parts are processed as
the unsharp mask. Finally, the iris image is reconstructed by using inverse wavelet transform.,
The simulation results show that the Daugman and Wildes localization methods based on the
proposed algorithm have an improvement of about 2. 1% and 2. 43% for location accuracy and a
drop of about 24. 3% and 22. 6% for location time, respectively, compared with the Daugman
and Wildes localization algorithms based on the Gaussian filtering algorithm.
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