ISSN 1004-9037,CODEN SCYCE4 http://sjcj. nuaa. edu. cn
Journal of Data Acquisition and Processing Vol. 33,No. 1,Jan. 2018, pp. 186 —194 E-mail: sjcj@nuaa. edu. cn
DOI:10. 16337/;. 1004-9037. 2018. 01. 021 Tel/Fax: +86-025-84892742
© 2018 by Journal of Data Acquisition and Processing

EFALAMENREEEERY 5

(L bRl R LS 5 B R 2B AL AT, 100044 5 2. 3258 B 3 Br 55 2 8 8 5t T 52 A 5 80 %, I AT, 100044)

i) A AN EENEETFE FRNARERA PR, T2 A FH AR LAT R AN
HA, ﬁsu‘a& T— A e G E AR I kA T LM % 69 35 M A I % % (Topic detection in
freqent word network, TDFWN) , k12 MG E2H PR AW R EFHA, ZHh Ea AT MG Kbk
MERE =D RAFRB A RARE ARG EAXANE LN, T ZRNELRFTHARXX 5, B —4+
RAWIEEFHAER R EE, PEEAARG BB, FBER AW TDFWN H ik 58 4% b ik |
ABBE B FHRNEL SFETAZAREIAGASHRE.

KRR MM EAR N AL AR XS

hE4SES. TP391 XEARERD A

Micro-blog Topic Detection in Frequent Word Networks

Li Wei'*, Jia Caiyan'*?

(1. School of Computer and Information Technology, University of Beijing Jiaotong. Beijing, 100044, China;2. Beijing Key Lab of
Traffic Data Analysis and Mining, Beijing, 100044, China)

Abstract: As an important information platform, micro-blog has a large number of user visits every day,
and important public opinion events will form a hot topic on micro-blog. In this study, we propose a novel
micro-blog topic detection method, named TDFWN (Topic detection in frequent word networks) ,to ex-
cavate hot topics in micro-blog corpus. First, frequent k-item sets (k==3) in Microblog text data are
mined. Second, a word co-occurrence network is build based on these mined frequent k-item sets. Third,
the network is partitioned into different communities by using a community detection method, where each
community represents a micro-blog hot topic. At last, the micro-blog text data are clustered into differ-
ent groups by computing similarity of each micro-blog text with the found topics. The empirical study
shows that the TDFWN method is able to find hot topics in micro-blog text data and cluster the micro-
blog text data by the found topics simultaneously.

Key words: micro-blog; topic detection; short text; community detection
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