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Determination Method for Sentiment Orientation of Microblog Smileys Based on Seed
Words

Wang Wei', Zhou Yongmei'”*, Yang Aimin'*, Lin Jianghao’, Chen Yuhong', Zeng Wenjun'

(1. Cisco School of Informatics, Guangdong University of Foreign Studies, Guangzhou, 510006, China; 2. Laboratory for Lan-
guage Engineering and Computing, Guangdong University of Foreign Studies, Guangzhou, 510006, China; 3. Financial Depart-

ment, Guangdong University of Foreign Studies, Guangzhou, 510420, China)

Abstract: The smileys with obvious sentiment orientation are easily annotated manually. But the annota-
tions of the smileys with unobvious sentiment orientation are difficult to reach a consensus. A method of
automatically determining the sentiment orientation of the microblog smileys with the seed words is pro-
posed. The method automatically annotates the corpus smileys with obvious sentiment orientation using a
few seed emotions. Then these smileys are used to generate the labeled smiley set (1LSS). Moreover, a
model is built based on the seed emotional words and LSS to determine the smileys with unobvious senti-
ment orientation. Experimental results show that the presented method is effective.
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Fig.1 Framework of sentiment determination of microblog smileys based on seed words
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Fig. 2 Training process of sentiment determination model of microblog smileys
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