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Extended Target Tracking with Clustering of Measurement Partitioning
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(1. Tianjin Key Laboratory for Advanced Signal Processing. Civil Aviation University of China, Tianjin, 300300, China;

2. School of Electronic Information Engineering, Tianjin University, Tianjin, 300072,China)

Abstract: A novel K-means algorithm of measurement partitioning is proposed to overcome the problem
of distance partitioning algorithm in Gaussian mixture probability hypothesis density filter for extended
target tracking. The number of the targets is estimated by maximum-likelihood estimator and then the
estimates of the target number are used as the cluster number of K-means. An elliptical gate is intro-
duced to remove the clutter measurements for depressing the influence of clusters. Simulation results
show that the proposed algorithm reduces the computational complexity obviously, and obtains an im-
proved performance.

Key words: multiple-target tracking; extended target tracking; GM-PHD filter; measurement partitio-

ning; K-means clustering
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