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Survey on Reuse of Human Motion Capture Data

Sun Huaijiang, Xia Guiyu, Zhang Guoqing, Feng Lei
(School of Computer Science and Engineering, Nanjing University of Science and Technology, Nanjing, 210094, China)

Abstract: Human motion capture data, as a new type of multimedia data, is widely used in many areas
because of its high fidelity, but the expensive motion capture equipment yields the high cost of the use of
motion capture data. Therefore, the technologies of motion capture data reuse become the effective
means to solve the problem. However, the complex structure and characteristics of motion capture data
make the motion capture data reuse challenging. Even it has been researched for many years, there are
still many problems to be solved and more attentions and research efforts are needed. In this paper, in
terms of the important technologies used in the process of motion capture data reuse, we give introduc-
tions on the research significance, difficulties, strategy and used models of current methods and so on.
And we give a detailed description on some representative methods. Finally, we conclude the research ad-
vances of motion capture data reuse and discuss the possible directions for future works. This aims to
cause the deep thinking of this field and provides a valuable reference for the future research.
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Fig.5 Main steps of curve simplification
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Fig. 6 Geodesic distance and Euclidean distance®! and the key frame extraction framework in Ref. [63]
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Fig. 8 Parametric motion diagram for punching'®'’and interactive modes of motion
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