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F¥HTAT 28 F % H N % # & (Multi-user multiple-input multiple-output, MU-MIMO) 12 i& f# 43 & % 4
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Transmission Strategy for MU-MIMO Downlink Based on Lattice Reduction

Li Jiaojun, Zhang Ting, Tao Jin, Yu Jingpeng
(School of Electronic Information and Automation, Chongqing University of Technology, Chongqing, 400054, China)

Abstract: According to the twice singular value decompositions, the multi-user interference is able to be
eliminated by the block diagonalization(BD) precoding algorithm, and the multi-user multiple-input mul-
tiple-output(MU-MIMO) channels can be decoupled into multiple independent single-user multiple-input
multiple-output(SU-MIMO) channels. But the computational complexity is growing along with the in-
creases of the number of users and the dimensions of the channel matrix. The transmission strategy for
the MU-MIMO downlink system based on lattice reduction is presented. The linear detection based on
lattice reduction is used to replace the second singular value decomposition of the traditional BD algo-
rithm. Comparing with traditional BD algorithm, the better BER performance and the lower computa-
tional complexity can be obtained.

Key words: multi-user multiple-input multiple-output (MU-MIMO) ; block diagonalization(BD) ; lattice

reduction; precoding; singular value decomposition
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Tab.3 Computational complexity of BD algorithm based on lattice reduction
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