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Robust Audio Retrieval Method Based on Fingerprint Factors

Lin Jing', Yang Jichen’, Zhang Xueyuan®, Li Xinchao®

(1. Department of Mechanical and Electrical Information, Maoming Vocational and Technical College, Maoming, 525000, China;

2. School of Electronic and Information Engineering, South China University of Technology, Guangzhou, 510641, China)

Abstract: A noise-robust fingerprint-factor-based audio feature and a semi-supervised audio dictionary
training algorithm are proposed to fill up the deficiency caused by noise in content-based audio retrieval.
The proposed method extracts audio fingerprint from Mel spectra and utilizes non-negative matrix factori-
zation to factorize fingerprint into noise-robust spectral factor and temporal factor as features. Also an
semi-supervised audio dictionary training algorithm is proposed. It uses an audio effect set to calculate the
distribution of basic sound effects as initialized dictionary. The quantization is conducted while the dic-
tionary is dynamically updated at the same time to better characterize data. The experimental results
show that under low signal-to-noise ratio (SNR), the proposed method significantly improves the average
precision compared with other algorithms.
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