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Whispered Speaker Identification Based on Factor Analysis and Feature Mapping

Zhang Qingfang, Zhao Heming, Gong Chenghui
(School of Electronics and Information, Soochow University, Suzhou, 215006, China)

Abstract: Aiming at the mismatch between training speech and test speech from different speaking man-
ners, a kind of feature processing algorithm is proposed based on joint factor analysis and feature map-
ping. The speaking mode information is extracted by joint factor analysis algorithm, then the speaking
mode factor and space are optimized. Before training and test, the feature is mapped by speaking mode in-
formation to reduce the speaking mode effects. The experimental results show that the proposed algo-
rithm can effectively extract the speaker information of the training speech, and improve the recognition
rate of whispered speaker recognition system.

Key words: whisper speaker recognition; joint factor analysis; feature mapping; normal speech; whis-

pered speech
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