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Absg} A feature selection algorithm with quadratic programming based on feature margin is proposed
in th¥§p

aper. Firstly, distance of features within-class samples is taken as the coefficients of the quadrat-
ic terms in the objective function,and the feature distance between heterogeneous samples is considered as
the coefficients of the linear terms. Elements of the quadratic terms and the linear terms are normalized
to balance the feature relation between inner class and inter-class. Then, the optimal solution vector is
regarded as feature weight vector to select informative features for classification. Experiments on six dif-
ferent datasets show the effectiveness and feasibity of the proposed method.
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摘要：本文提出一种基于特征间距的二次规划特征选取算法。首先，将特征在类内样本间和异类样本间的距离分别作为二次规划算法目标函数的二次项和一次项参数，用以搜索类内紧密、内间分离的分类特征；同时，通过对二次项和一次项的归一化来均衡特征在同类样本和异类样本之间的关系；然后，将二次规划算法优化后的最优解向量作为衡量特征对分类贡献的权重向量，再根据特征权重高低选取分类特征。特征选取方法在6个数据集中的特征选取实验结果表明了该方法的可行性和有效性。
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Abstract: A feature selection algorithm using Quadratic Programming is proposed in this paper based on feature margins. First, the inner-class distance of features is taken as the coefficients of the quadratic terms in the objective function and the inter-class distance of features is used as the coefficients of the linear terms for searching informative features. The elements of the quadratic terms and the linear terms are normalized to balance the feature relation between inner class and inter-class. Then, the optimal solution vector is taken as the feature weight vector for selecting informative features. Experiments on 6 different datasets showed the effectiveness and feasibility of the proposed method.
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Table 2 Average time of selecting feature subsets by each method on 5 datasets
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