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Double Weighted Regression Estimation for Missing Values
in Time Series Gene Expression Data
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Li Jiangeng ,

Abstract: Due to the limited experimental condition, there are missing values in gene expres-
sion data which make the following use difficult. Estimating missing values without data de-
stroy and information lost has become an important work of bio-information. By weighted ker-
nel function, it can find out rows and columns having largest similar coefficient with the rows
and columns containing missing values. An estimation method based on double weighted re-
gression is introduced by using weighted kernel function. It makes the information data more
abundant by considering gene space correlation and time correlation in regression. Comparing
with other methods, the weighted double regression method can obtain better estimation result.
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