ISSN 1004-9037, CODEN SCYCE4 http:// sjcj. nuaa. edu. cn
Journal of Data Acquisition and Processing Vol. 37,No. 5,Sep. 2022, pp. 1101—1114 E-mail:sjcj@nuaa. edu. cn
DOI:10. 16337/j. 1004-9037. 2022. 05. 015 Tel/Fax: +86-025-84892742
© 2022 by Journal of Data Acquisition and Processing

FHUIZFa TP SR
Akk, A, BRE, BOE, BEE, FEH

(U B S K 2 14 HUR 2 55 T 2 L B 110168)

i E.BEALTESURAFINBHAALABL AL RTE, ETARKERTE T S8 FE
—RAPREE, WAGR P ZBF TR SASTER MG T S, F & H 612 8 Ak, i@
MPEREFELOBERE ZRLE MBXAFLEOEMERAANEZGEAR—AF ., R,k
BWAFMALTFEPAPREEARSAFRG ,ELAABERRINATAP S B AEBEEE, AL
MREFEEEFHETFEAGRA T WM T R, ATHEBEALF SR P58 EER TR
FlA e PAZ B AR B BRI AT 3R B AL A AR T S P R 61
BRI HBRXR  BETESIRBENERRRLE, FETAFEHG A BBSILE, RN EaE
BFINTERBRERABERERETATRAOEFZFINELFINSHEEAFINAMOEEES
Ho BIA, R TRAMMEERN TR 0B, ARAERBEERTTASGER, FHERE
BT ATAR R A P S BT R e R Rk

KW : AR MWL AP 50 AT 4423 5 5 535 L7

HESES: TP311.13 NERIRER: A

User Identity Resolution Across Heterogeneous Social Platforms

LIU Junling, LIU Ying, MA Chenxu, ZHAO Qiaona, SUN Huanliang, XU Jingke
(School of Computer Science and Engineering, Shenyang Jianzhu University, Shenyang 110168, China)

Abstract: The identity resolution across social platforms is an important research aspect, which integrates
the user’s information from various platforms. Most of the existing user identity resolution work is aimed at
social platforms with similar types. The information between platforms is relatively symmetrical. Whether
the user is the same user is determined by the similarity of user’s profile attributes, spatial location,
network relations and other information on different platforms. However, in the two heterogeneous social
platforms, the user information is asymmetric so that we cannot get the corresponding attribute information
for user identity resolution. This paper discusses the method of user identity resolution across comment and
activity platforms. To solve the problem of user information attribute asymmetry of across social platforms,
the user information is organized according to three types of information: profile attribute, semantic
sequence and feature word sequence. The corresponding information is extracted from their respective

social platforms to establish mapping relationships, and an integrated matching algorithm integrating the

BEEHE : FHK A RRF 4 (62073227); H % & ST &R (2021 YFF0306303) 310 T 45 F AR BF 7 34 (2019-MS-264) ;1L T A %
BT E (LIKZ0582); [ 24 i 5 3 53 A4 205 W 58 8 (2020M SA40),
I 5 B #3: 2021-08-23; 1817 H #1:2022-01-21



1102 o REBLIE Journal of Data Acquisition and Processing Vol. 37, No. 5, 2022

three types of information is proposed. Considering the time offset phenomenon of user activities, the back
propagation learning method is used to obtain the time offset weights, and a similarity measurement
method between semantic sequence and feature word sequence based on back propagation learning is
proposed. At the same time, an overall similarity is designed for user identity. Experimental results on real
dataset show that the proposed method is effective on user identity resolution.

Key words: social network; user identity resolution; feature word sequence; semantic sequence
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