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Emotion Classification Induced by Virtual Reality Based on EEG
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Abstract: Emotion plays an important role in singing. At present, vocal music courses in universities lack
effective training for emotion mobilization. Due to the authenticity and immersive of virtual reality (VR)
technology, this article applies it to the emotional induction stage in vocal music teaching. To verify the
effectiveness of VR technology for emotion induction, different types of electroencephalogram (EEG)
features are extracted, and then emotions are classified into two scenarios: emotional self-imagination and
VR-induced. The accuracy of emotion classification, self-evaluation score of emotion and self-evaluation
score of vocal music are compared to explore the influence of VR on participants’ emotion mobilization
from both subjective and objective aspects. Experimental results show that compared with traditional self-
imagination, VR technology can greatly induce the emotions of participants and enhance the singing
performance, thus providing a new auxiliary method for vocal singing teaching.
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Table 3 Average score and significance test result of vocal self-rating scale
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Fig.4 Emotion classification confusion matrix
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Table 5 Features with more than 950 occurrences in feature selection
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