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Voice Conversion:The State of the Art and Prospects

Zhang Xiongwei, Miao Xiaokong, Zeng Xin, Sun Meng, Cao Tieyong
(Army Engineering University, Nanjing, 210007, China)

Abstract: Voice conversion usually refers to the process of modifying and transforming the personalized
features of a person’ s voice to make it sound like another person’ s voice while keeping the linguistic
information unchanged. In recent years, with the rapid development of information processing and machine
learning, the technology of voice conversion has also achieved great progress. On the basis of introducing
the basic concepts of voice conversion, the typical models and methods of voice conversion researched in
recent years are summarized in this paper, the key technologies of voice conversion are reviewed, the main
application scenarios of voice conversion technology are listed, and some technical problems still existing in
voice conversion at present are briefly introduced. Finally, the prospects for the directions of the research
and development of voice conversion are given.
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Fig.1 Schematic design of voice conversion
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Fig.2 Voice conversion flow chart based on codebook mapping!'®
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Fig.5 Warping of two time series
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