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M OB Remik A RAREN AR EI R AL AT & %A X 3 @ B A (Parallel profiles with linear
dependencies, PARALIND) 484 &, #] l PARALIND 4~ f# , 42 8 7T — A &R M v m & ¥ % 40 T 15 5 0%
ik 7 @) (Direction of arrival, DOA)E#+ H &k, A F B AT L2 E AT I1ERG A EAET,
FIBTAEAF 2l AR ey AR T AR, KA SR AE %“é?‘r%i'?‘ T*@ ALKENRAEYHEEHRER, Z
Hook A EAE T AR T4 4 0h AT B & T R 45 Bh Ak H R T B 4745 5 A 4 3t (Forward backward
spatial smoothing-estimation of signal parameters via rotational invariance techniques, FBSS-ESPRIT)
kA BT )6 @ T W 4 4% 5 F (Forward backward spatial smoothing-propagator method, FBSS-PM) 3£ i% , B
AT A AR R AR 69 AR T AT R, % ST R AL R AT A A8 PR IR B A T

X2 : PARALIND 5 ;X h é ;s w R FH A B AT R

FESES: TNILLY MR EARD A

PARALIND Decomposition-Based Coherent Direction of Arrival Estimation Algo-

rithm for Electro-magnetic Vector Array

Xu Le, Zhang Xiaofei, Lin Xinping, Zhou Mengjie
(College of Electronic and Information Engineering, Nanjing University of Aeronautics &. Astronautics, Nanjing, 211106, China)

Abstract: The paper combines the parameter estimation problem of electromagnetic vector array with the
parallel profiles with linear dependencies (PARALIND) model, and proposes a PARALIND
decomposition-based coherent direction of arrival (DOA) estimation algorithm for electromagnetic vector
array. The proposed algorithm is effective for coherent sources angle estimations without the need for peak
searching. In addition, the corresponding correlated matrix also can be obtained and it is effective for both
uniform and non - uniform linear array. Compared with traditional forward backward spatial smoothing -
estimation of signal parameters via rotational invariance techniques (FBSS - ESPRIT) algorithm and
forward backward spatial smoothing ~propagator method (FBSS-PM) algorithm, the proposed approach
has better angle estimation performance and moreover it can distinguish closely -spaced coherent sources
and achieve their angle estimations effectively.

Key words: PARALIND decomposition; direction of arrival; electromagnetic vector sensor; coherent
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