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Power Quality Compressed Sampling Reconstruction Algorithm Based on Com-

pressed Sensing

Zhang Rui, Wu Tingyu
(School of Automation, Harbin University of Science and Technology, Harbin, 150080, China)

Abstract: The modified compressive sampling matching pursuit(MCSMP) algorithm is proposed to solve
the deficiency of the reconstruction of power quality disturbance signal based on compressive sampling
matching pursuit(CoSaMP) algorithm. In the selection stage of the candidate sets, the MCSMP adopts the
fuzzy threshold method instead of the fixed number compared with the CoSaMP, and uses the change of
the correlation between the adjacent iterative sensing matrix and the residual error as the stop condition,
which reduces the burden for the clipping of the backtrace process and the unnecessary iterations, and
improves the efficiency of the algorithm. Simulation results show that: MCSMP algorithm is better than
CoSaMP algorithm both in reconstruction performance and reconstruction time.

Key words: power quality; compressed sensing; fuzzy threshold; signal reconstruction
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Fig.3 MCSMP reconstruction signal and reconstruc- Fig.4 MCSMP reconstruction signal and reconstruc-

tionerror of the voltage interruption signal tionerror of the voltage oscillation signal
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(3) #t ¥ 1k A % # (Energy-recovery percentage , ERP)

ERP = Ei"(i)lz/zx(i)z X 1002

3.4 MCSMPEZEMERUR MRS
i FH MCSMP 553 % 4% F e B8 I i 4 8l 15

BEZR 3 R AT 100 Wk 0 B E A SE 5, THR A A

SETEM R AR G5 R NE 1R . N TP Reig

F&1 MCSMPXtEEEREMNES EWHEEIER
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bance signal reconstructed by MCSMP
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