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Algorithm for Mining Converging Patterns of Moving Objects from Spatiotemporal

Trajectories

Zhang Yifan, Zhao Bin, Sun Hongyan, Tan Chao, Ji Genlin
(School of Computer Science and Technology, Nanjing Normal University, Nanjing, 210023, China)

Abstract: Gathering pattern is an important research topic in the field of trajectory pattern mining. It fo-
cus on collective gathering problem on consecutive time period. Traditional models of gathering patterns
are based on co-concurrence patterns. Mining methods based on such models generate a lot of stationary
gathering groups. In order to deal with such problems, we propose a converging pattern based on model-
ling of group moving objects, which accurately identifies gathering group instead of other types of moving
group. A moving objects converging pattern mining (CPM) algorithm is presented and implemented.
First, the algorithm locates all high density peak points and converges central zones. Second, the algo-
rithm identifies converging groups on consecutive timestamps, and then detects converging patterns ac-
cording to the durability of group patterns. Experimental results show the effectiveness and efficiency of
the algorithm.

Key words: trajectory data mining; converging pattern; gathering pattern
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13.  break;

14, if(flag = true) then// QSR 454> 73 XA mi 4 KU A2 B AH s, DU AT 3R
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