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An Overview of Biocomputing Methods of Targeting Protein-Ligand Binding Residues

Yu Dongjun, Zhu Yiheng, Hu Jun
(School of Computer Science and Engineering, Nanjing University of Science and Technology, Nanjing, 210094, China)

Abstract: Interactions between proteins and ligands are ubiquitous and indispensable in the process of life.
These interactions play important roles in the biological molecular recognition and in the process of signal
transmission. Identifying the binding residues of the protein-ligand interactions has important scientific
significance for protein function research, drug design and screening. Biocomputing method has become
an important method for the prediction of protein-ligand binding residues. This paper first describes the
common definition of the binding residues of the protein-ligand interactions. Next, a systematic category
of protein-ligand binding residue prediction is proposed, and several prediction methods in each category
are described. This paper then demonstrates the related protein databases and the evaluation indexes, and
experimentally compares and analyzes the performances of some representative prediction methods on the
corresponding data sets. Finally, the future research directions of protein-ligand binding residue predic-
tion are proposed, which provide some references for relevant researchers engaged in the field of protein-
ligand binding residue prediction.
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Fig. 2 Classification of protein-ligand binding residues prediction methods
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