ISSN 1004-9037,CODEN SCYCE4 http://sjcj. nuaa. edu. cn
Journal of Data Acquisition and Processing Vol. 32,No. 3,May 2017, pp. 533 —539 E-mail: sjcj@nuaa. edu. cn
DOI:10. 16337/;. 1004-9037. 2017. 03. 012 Tel/Fax:+86-025-84892742
© 2017 by Journal of Data Acquisition and Processing

E Tz =B S SEABRNTTE
Ezi' B @ TEE HEF' & K

1 E N AL RN ER 2 AR 2 BE, 650, 1000385 2. RN LWL F B, & B, 2300885 3. [ AN RA % K%
5 BHARE M %% 427 B, LT, 10003854, Hp E R % K2 i 5 I i 2% Be » JE 2T, 100038)

B OEANELREATITFRERERETARAMEN T 5 FEZA P &HERAWG P, A KAt Fmn
MR T ERARGHESTSAREN LR, TMEFORBT . AL R —H2H T SBABLEARHF
JE-M £ T AW T4 EHIERRNEAS TV SEHHTR, iﬁé\ﬁ*#&iéébéﬁﬂﬁl‘ﬂ%.@;#“é#&‘;&i‘i&ﬁii
¥ Mxvzyb)f]ﬁﬂqvaﬁx/wk,w EFM LSS TR, ZITLZABRKISLMNE R B REAT S AN
AaHER, FREREAN KT EEHHEN T SRR T RS RIKEM.

KBWR: TESN:TER ;WL 6 =442

fESEKS. TP391.4 MR ERG A

Gait Cycle Detection by Fusing Temporal and Spatial Features with Frame Difference
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Abstract: To address the problem of sensor-based gait cycle detection method, which needs high coopera-
tion of users. Vision-based method is used to develop an accurate gait cycle detection algorithm. Inspired
by the idea of frame difference, a novel gait representation feature, namely frame difference temporal and
spatial (FDTS) feature is designed. FDTS contains the temporal and spatial information of gait. Thus it
can accurately present all states of gait cycle. A new toe-off detection algorithm is first proposed based on
FDTS. Then a gait cycle detection method is presented based on the toe-off detection algorithm. Experi-
ments on the public dataset demonstrate the state-of-the-art performance of the method.
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Fig. 1 Graphic show of gait cycle
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Fig. 2 Main idea of temporal and spatial features Fig. 3 Samples of temporal and spatial feature images

based on frame difference
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Fig. 6 Normalized samples of temporal and spatial feature images
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