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Microblog Timeline Summarization Algorithm Based on Sliding Window

Xu Wei, Zhao Bin, Ji Genlin
(School of Computer Science and Technology. Nanjing Normal University, Nanjing, 210023, China)

Abstract: Timeline summarization is the process of creating summaries towards topic information and de-
velopment over time in natural language processing. Some algorithms are proposed to generate summa-
ries towards long text like news, but seldom focus on timeline summaries of short text like microblog.
Here, we propose a microblog timeline summarization based on sliding window (MTSW), which simul-
taneously incorporates content coverage, temporal distribution and influence to evaluate candidate time-
line summaries. In the algorithm, representative terms are selected to represent microblog feature ac-
cording to intensity of terms and entropy. We build a comprehensive indicator for evaluating the timeline
summary based on the above three indicators. Then, we use sliding window to generate microblog time-
line summary. Experiments on the real-world event datasets verify the effectiveness of the proposed
method.

Key words: microblog summary; timeline summary; short text summary; event evolution
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