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Personalized Human Body Modeling with High Precision Based on Single Kinect

Zhang Ke, Liu Hong, Lu Dianjie, Xu Jianke
(School of Information Science and Engineering, Shandong Normal University, Jinan, 250014, China)

Abstract: A personalized human body modeling method with high precision based on single Kinect is pro-
posed. Firstly, the high-precision point cloud of a human head using single Kinect is obtained. Then, the
point cloud is preprocessed based on maintaining the accuracy of the head. Finally, by employing the hi-
erarchical compactly supported radial basis function (CS-RBFs), the sampled point cloud is fitted with
the existing human body to get 3D human body model. Simulation results show that the proposed method
can enhance accuracy and speed of human body modeling.
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