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FES%KS. TP391 XHEREL: A

Mammographic Mass Feature Extraction Algorithm Based on Edge of Neighborhood

Ye Xinjing, Li Jie, Wang Ying, Gao Xinbo
(School of Electronic Engineering, Xidian University, Xi'an, 710071, China)

Abstract: Breast cancer is one of the most serious diseases greatly threatening human’s health. A patient
will not miss the best time for treatment only with early detection and early diagnosis. Mass is the most
important and common lesion of breast, so breast mass feature extraction is helpful to improve the effi-
ciency and accuracy of diagnosis. The past algorithms do not consider spatial information of mass ima-
ges, resulting in low classification accuracy. Aiming at this problem, a new breast mass feature extrac-
tion algorithm is proposed based on the edge of neighborhood. It combines the Chan-Vese active contour
model with the bag of words. The adaptive parameters regulation methods are designed to control edges
of mass images. The final representation can be obtained by combining or weighting those features in the
neighborhood. Experimental results show that the proposed methods can achieve a better classification
accuracy.

Key words: mammographic mass; feature extraction; edge of neighborhood
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Fig. 1 Edge extraction of mammographic mass
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