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GSO Algorithm With ¢-distribution Mutation for Cognitive Engine

Liu Juntong, Wang Keren, Feng Hui, Liu Wentao

(Laboratory 402 Electronic Engineering Institute, Hefei, 230037, China)

Abstract; Considering the problem of cognitive radio intelligence optimization, a scheme of cognitive en-
gine is proposed based on the glowworm swarm optimization with ¢ distribution mutation. The bionic
principle of firefly algorithm is analyzed. The optimization mechanism is defined by mathematics and a
mutation plan is also designed with ¢ distribution. Finally, the simulations are performed in the multi-
carrier system. The results show that the algorithm has higher convergence speed and larger objective
function value than the basic GA algorithm. Furthermore, the improved algorithm with ¢ distribution
mutation has the higher capability of the global optimization than that of the basic GSO algorithm.
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