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Generalized C-Support Vector Machine Algorithm
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University of Electronic Science and Technology of China, Chengdu, 610054, China)

Abstract: Standard C-support vector machine (C-SVM) algorithm has certain limitation when dealing
with many factual pattern classification problems, especially in the extreme case such as the recognition
error cost loss in great difference. A kind of generalized C-SVM algorithm is introduced. By estimating
the cost of the recognition error, optimal separating hyperplane can be translated into the low cost pas-
sage, and leaves more space for the high lost cost to increase recognition rate, thus reducing the damage
of recognition error. The new method improves the applicability of C-SVM and sample recognition correct
rate. When applied to radar high resolution range profile's recognition, experimental results show that
the proposed method can achieve better recognition effect than the traditional method.
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Table 1 Generalized C-SVM experiment results of plane type a and b
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6 1. 44 94.62 96.92 95.77
7 1.45 94.62 96. 15 95. 38
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Table 2 Recognition results in case different cost loss for two types of aircraft
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