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Abnormal Event Detection of Surveillance Based on HMM

Lii YinglLi, Gu Yong , Zhang Xiaofeng
(Department of Electrical Engineering, Hebei Institute of Architecture and Civil Engineering,
Zhangjiakou, 075024, China)

Abstract: Aiming at the analysis and the recognization in intelligent surveillance system. Hid-
den Markov model (HMM) is applied to analyze abnormal events detection in surveillance sys-
tem. The method extracts motive object by background substraction, encodes shape features,
color and changes rate of frames for feature vector. In training, feature vector is applied to
HMM to obtain parameters A and B. In detecting, the feature vector is input into the HMM to

detect abnormal events. The experiment shows that the method can detect abnormal events
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quickly and accurately.
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Fig. 2 Comparison for result of moving object detection
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