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Microblog Topic Summarization Based on Topology Structures

Zhao Bin, Ji Genlin, Xu Wei, Gu Yanhui
(School of Computer Science and Technology, Nanjing Normal University, Nanjing, 210023, China)

Abstract; Topic summarization is a natural language processing for creating summaries of topic
information. Previous work focused on summaries of news, web documents and blogs, while
seldom on microblog topic summaries. A microblog topic summarization (MTS) method is
proposed based on topology structures for microblog retweets. First, representative terms are
selected according to structural relationships between retweeting tweets. Second, topic areas
are identified after topic nodes are merged by using depth-first and breath-frist methods.
Third, topic-oriented summaries with topology structure are generated through measuring ad-
jacent topic nodes on the retweeting graph. Finally, experiments on the real-world event data-
sets show the effectiveness of the proposed methods. Visual topic summary trees are also pro-
duced for remarkably emphasizing the insight behind the evolving topics.

Key words: microblog; topic summarization; topology structure; retweeting; visualization
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Fig. 2 Topic example on a retweeting graph
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(a) TC algorithm
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(b) TDR algorithm
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(c) MTS algorithm

(d) NILHEgR

(d) Manual summarization
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Fig. 4 Topic summarization drawings of four algorithms on MRTG dataset
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Fig. 6 Topic summarization drawing of ARC dataset
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