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Multi-Streamed Based out of Vocabulary Terms Detection

Xiong Shifu, Guo Wu
(Department of Electronic Engineering and Information Science, University of Science

and Technology of China, Hefei, 230027, China)

Abstract: For out of vocabulary (OOV) terms detection in spoken term detection (STD), we
propose a multi-streamed based detection algorithm which makes use of three sub-word units:
phone, syllable & fragment. ngram-WFST based search is applied in phone-based STD system
to reduce miss probability; and fuzzy search is applied in syllable-based and fragment-based
STD systems to reduce false alarm probability. The final scores are obtained through linear lo-
gistic regression of the three sub-systems scores. Results on the National Institute of Standards
and Technology (NIST) STD 2006 English conversational telephone speech (CTS) EvalSet

show that the multi-streamed based detection algorithm achieves a 12% relative improvement

Vol. 29 No. 2
Mar. 2014

in actual term weighted value (ATWYV) compared to the best single-streamed system.
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