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Voice Conversion Based on Mixed GMM-ANN Model

Yao Shaoqin, Zhang Linghua
(College of Telecommunication & Information Engineering, Nanjing University of Posts

and Telecommunications, Nanjing, 210003, China)

Abstract: As the mean vector of Gaussian mixture model (GMM) parameters can represent the
basic shapes of converted feature vectors, based on a mixed model comprised of GMM and arti-
ficial neural network (ANN), a novel spectral conversion method is proposed. The method al-
leviates the over-smoothing problem by using ANN to transform the mean vector of GMM pa-
rameters. Static and dynamic spectral features are used for approaching the converted spectrum
sequence in order to gain the continuous converted spectral. Moreover, as pitch is very impor-
tant to voice conversion, it is also analyzed and transformed on the basis of spectral conversion.
The performance of the proposed method is evaluated using subjective and objective tests, and
the results show that the proposed method can obtain a better speech quality than the earlier
voice conversion system based on conventional GMM method.
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