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Fast Shadow Detection Approach for Single Images
Based on Paired Regions
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Abstract; Since traditional shadow detection methods based on paired-regions are prone to over-
segmentation in complex texture regions, they always have high computational complexity
which affects the detection result to a certain extent. Therefore, an improved shadow detection
algorithm is presented, using clustering method to merge divided areas and decrease over-seg-
mentation. Besides, support vector machine (SVM) is established to classify the features of
paired regions, so both algorithm efficiency and shadow detection effect are improved. Simula-
tion results indicate that the running time of the proposed algorithm is remarkably reduced
compared with the traditional one. Moreover, the shadow detection effect is more accurate

than that of the original method for complicated texture images.
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Table 1 The number of regions after image segmentation
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Table 3 Error rate of shadow detection

WEHERAEY: 81 219 221 159 163
A 15 7 9 5 8
*2 PBEENEE s

Table 2 Running time of shadow detectisn

R7S Fig. 1(a) Fig. 1(b) Fig. 1(c) Fig. 1(d) Fig. 1(e)

SCHkL9] 11. 37 1.47 3.53 2.06 1. 34
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Bk Fig. 1(a) Fig. 1(b) Fig. 1(c) Fig. 1(d) Fig. 1(e)
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Fig. 4 Shadow and non-shadow regions classification of

our method combined with SVM
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