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Aircraft Detection in High-resolution Remote Sensing Imagery Based
on Visual Words Selection

Li Shijin, Qiu Jianbin, Yu Hui
(College of Computer and Information, Hohai University, Nanjing, 210098, China)

Abstract: It is difficult to detect the target of aircrafts in high resolution remote sensing ima-
ges. So a bag-of-visual-words model is proposed. In order to abtain the most discriminative
visual words and make visual codebook effective and compact, the visual words that are irrele-
vant, weakly irrelevant and redundant must be removed from the visual codebook. The method
integrating relevance analysis with redundancy analysis is used to prune out those useless visual
words. Finally, the most important visual words are chosen to describe aircrafts in high resolu-
tion remote sensing images, which helps reducing the computation in the following test stage
and also improving the efficiency.
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The procedure of bag-of-visual-words extraction from remote sensing images
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Fig. 2 The framework of feature selection based on

relevance and redundancy analysis
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Fig. 3 Typical airplane examples in the training set
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Table 1 The feature selection results with different cluster

numbers
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