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Abstract: Some studies have shown that optimizing the projection matrix can improve the
reconstruction of compressed sensing and the sparsity range of signal adaption. This method u-
ses iterative updated Gram matrix to maximum the optimization of compressed sensing (CS)
projection matrix. It is a new method for enhancing the CS performance, which is different
from previous design problems of projection matrix. Here,it analyzes, summarizes and com-
pares the structure of those existing optimization methods of projection matrix, the application char-

acteristics as well as existing problems, and concludes with the discussion of its possible direction of

Vol. 29 No. 1
Jan. 2014

future development. The experimental results are used to verify the analysis of the conclusions.
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Table 4 Statistics of mutual coherence of projection matrix optimization algorithm

. 2
7k Hrmx t=0.2 t=0.4 1=0.6 t=0.8
O L By
J’ié”% w 0.715 7 0.188 9 0.226 2 0.272 0 0.337 8
X
0.853 1 0.183 1 0.208 8 0.239 2 0.282 6
Elad J5#57  +0.089 5/—0. 085 4+0.000 3/—0. 000 440. 000 3/—0. 000 3-0. 000 4/—0. 000 4+0.000 5/—0. 000 6
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Xu Jianping
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