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Specific Person Detection Method in Video Stream
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Abstract: To detect a specific person in video stream, a two-step detection method is proposed,
ie stream level detection based on robust Hash signature and file level detection based on local
features of sub-image. The first step aims to find quite similar key frames to query image with
image signature, and the second step is to find less similar key frame matching local features of
face sub-image, including face detection, local feature extraction of face sub-image and similari-
ty measure. The experimental results show that the method can detect specific person and im-
prove the performance of human detection.
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