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Network Analysis of Artificial Intelligence Online Translation Based on Time Series
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Abstract: From the perspective of complex networks, this paper constructs a network model of the search
index of artificial intelligence online translation based on the time series data, and then analyzes its structure
characteristics based on actual data from China. The results show that: although the search index of online
translation shows significant fluctuation characteristics, it is still dominated by small fluctuations in most of
the time; the distribution of the shortest path lengths of the online translation network is approximately
skewed distribution, and the conversion from one symbol to another in the network requires three
intermediate symbols on average; the symbols with less volatility have larger clustering coefficient; online
translation shows a downward trend as a whole, and has experienced a process from early immature to
gradually mature.
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Table 1 Topological properties of network nodes

HE# iR SR I A B i RERH
1 DRR 111 41 32 0.062
2 RRD 106 27 38 0.069
3 eee 69 21 19 0.143
4 eed 58 19 17 0.146
5 edd 53 20 14 0.098
6 ree 52 20 16 0.144
7 dDR 50 17 9 0.065
8 drr 48 15 17 0.142
9 edD 46 17 13 0.078
10 rre 46 13 15 0.163
11 ddD 44 17 14 0.055
12 RDr 44 10 16 0.117
13 RDd 40 7 16 0.111
14 DeR 34 14 17 0.082
15 DrR 32 15 15 0.082
16 ere 30 11 10 0.155
17 Ddr 30 11 14 0.121
18 rRr 30 12 12 0.055
19 DdR 30 10 12 0.138

20 ddd 28 12 12 0.095
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