ISSN 1004-9037,CODEN SCYCE4 http://sjcj. nuaa. edu. cn
Journal of Data Acquisition and Processing Vol. 32, No. 5,Sep. 2017, pp. 1034 —1043 E-mail: sjcj@nuaa. edu. cn
DOI:10. 16337/;. 1004-9037. 2017. 05. 021 Tel/Fax:+86-025-84892742
© 2017 by Journal of Data Acquisition and Processing

ETESRXEEBEXNTERE TG RMT E

K& E0F B F

O T 27 T 90 1 1 ) T ) o o S e 38 ¥ 1. 570228)

W OE: AT HRAREEZENETUARZERMH AR L TS OMELA L FRER . 2ETHNES
LR R R A5 T R A AR R AR M R AT R B R A T R0 SR h i — RS R

RE&E e, BETATRESREAMAGTRETRER LTk, BARNETRETRHEAMX
A e R REN A TZREAT T RN TR ARITT 4. REA A MATLAB #4147 £ &
HomlEAE . 15 A4 R AW, £ 12k L (Signal-noise-ratio, SNR) RE 9t L F. A TR TR AAX G T i
T SR M o o Ak BT T K el Mgl sk, b T R B e e R E R R R RS MR
B X AR A —FRETERAAZ T HMEN T REFEFTAF ARG RER T EFTRATES #
A8 8 7 T B ) 77 v o 3% 7 ok T AR AT B 69 9 A A L AR I 4 P A e 42 09 A0 ) R e

KEEIWR : BAF R LB IR R e R A B AR A5 AR A A

FESES: TNO2 XEk R ARG A
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Abstract; The bandwidth of spectrum sensing can be enlarged in software radio platform by using multi-
step frequency domain energy detection. Nevertheless, the energy detection is sensitive to noise uncer-
tainty, and signal sample autocorrelation method is robust to it. To improve the detection performance of
software radio, a step-by-step wideband spectrum sensing method based on signal sample autocorrelation
is proposed. Firstly, the principle of signal sample autocorrelation and a step-by-step wideband spectrum
sensing procedure based on it are described. Then, the whole procedure for wideband spectrum sensing
using MATLARB is simulated. The simulation results demonstrate that our proposed method can achieve
the required detection performance under different signal-noise ratio (SNR). In addition, to balance the
bandwidth resolution and the detection speed, we further propose to apply variable step values in two sta-
ges of wideband spectrum sending based on signal sample autocorrelation detection, which can obtain
higher detection resolution of the frequency bandwidth and shorter detection time.
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